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3.1. Visual SLAM JL— /L —%“Tadataka”
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from tadataka.dataset import TumRgbdDataset
from tadataka.vo import DVO

dataset = TumRgbdDataset(
"datasets/rgbd dataset freiburgl desk",
which freiburg=1

)

vo = DVO()

for frame in dataset:
pose = vo.estimate(frame)

B 4. DVO Z#BifFstE5EE

from tadataka.dataset import TumRgbdDataset
from tadataka.vo import FeatureBasedVO

dataset = TumRgbdDataset(
"datasets/rgbhd dataset freiburgl desk",
which freiburg=1

)

vo = FeatureBasedVO()

for frame in dataset:
pose = vo.estimate(frame)
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from tadataka.dataset import TumRgbdDataset
from tadataka.vo import DVO

dataset = TumRghdDataset(
"datasets/rgbd dataset freiburgl desk",
which freiburg=1

)
vo = DVO()

for frame in dataset:
pose = vo.estimate(frame)
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from tadataka.dataset import NewTsukubaDataset
from tadataka.vo import DVO

dataset = NewTsukubaDataset(
"datasets/NewTsukubaDataset",

)

vo = DVO()

for frame 1, frame r in dataset:
pose = vo.estimate(frame 1)
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e Visual SLAM L —.L T —%“Tadataka” : https://github.com/IshitaTakeshi/Tadataka
e Bundle Adjustment MEY 21— /L1t : https://github.com/IshitaTakeshi/SBA
o HNIR DR : https://ishitatakeshi.netlify.com
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