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Computation Model for Favorite Music Estimation
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ABSTRACT. As expanding speech recognition technology using HMM, we can make computation model
for favorite music estimation, and apply to music recommendation system. The HMMs are individual for
user, and trained with music characteristic vectors and user’s evaluation of music. Since the HMM recognizes
unknown music, it can estimate user’s evaluation of the music. If the estimater is high, the music may be

favorite for the user.
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